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Context: Data Collection in the Social Sciences

Research in the social sciences heavily relies on survey data. Valid conclusions from these
data can only be drawn when respondents takes these surveys as serious as we do.

Attentive response behavior

Respondents attentively evaluate
the item, retrieve relevant informa-
tion, and select a relevant response

Attentive responses reflect the trait
to be measured

Careless & insufficent effort responding (C/IER)

Respondents choose response options without suf-
ficient regard to the content of the items and/or
survey instructions (Huang et al., 2015)

C/IE responses do not reflect the trait to be
measured

C/IER is likely to vary across the course of the questionnaire (Galesic & Bosnjak, 2009;
Gibson & Bowling, 2019), requiring fine-grained identification methods
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Methods to Identifying Varying C/IER Across the Questionnaire

Attention Checks

Items all attentive respondents are
assumed to answer in the same way (e.g.,
disagreement with “I enjoy eating cement”)

Major appeal: Ease-of-use and clear
interpretability

Major limitation: Have to be used
parsimoniously; C/IER on content items is
inferred from nearby attention checks

Confirmatory Mixture IRT Models

Translate theory on attentive and C/IER
behavior as well as transitions among them
into constrained mixture models

Major appeal: Avoid administration of
additional items

Major limitation: Rely on strong
assumptions about attentive behavior,
violations may heavily distort conclusions
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Objective

Comparison of Conclusions Drawn from Different Methods

Do attention check items and confirmatory mixture IRT models...
1. ... yield comparable conclusions on the overall level and trajectory of C/IER?
2. ... agree in which respondents are at high risk of displaying C/IER?
3. ... yield comparable adjustments of parameters of interest (here: correlation among latent

traits)?
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Data

Ergonomy

3 Items

Job Insecurity

8 Items

Work Centrality

4 Items

Job Quality

3 Items

General Health

5 Items

N = 707 respondents being administered a 163-item questionnaire
Focus: Item responses to 23 content items from 5 scales and 3 attention check items
administered at different positions across the questionnaire
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Analysis Approach
Model-Based Approach Based on Content Items (Uglanova et al., 2025; Ulitzsch et al., 2022)
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Results RQ1: Level and Trajectory of C/IER
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Model-based approach consistently identified higher C/IER proportion (average: .18) than
attention check items (.09)
Neither method revealed a strong position effect
Model-based approach uncovered highest C/IER proportion on the longest scale

6



Results RQ2: Agreement in C/IER Identification

cor(ψMB, ψAC) = .77 [.68; .86]

High correlation between method-specific person attentiveness parameters indicate that
the methods agree in which respondents are at high risk of displaying C/IER
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Results RQ3: Comparison of Adjustments
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No systematic patterns in adjustments
All analyses yielded comparable correlations (ρ24, ρ25, ρ15, ρ12, ρ14)
Both approaches yielded comparable adjustments (ρ13, ρ23, ρ35)
Approaches yielded different adjustments (ρ34, ρ25)
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Discussion

Both methods appear to capture the same aspect of respondent behavior, as reflected in
strong agreement on which respondents are at risk of displaying C/IER

Nevertheless, they may lead to different conclusions regarding the prevalence and
trajectory of C/IER as well as adjusted parameters of interest
Since it is never fully knowable which method yields “better” C/IER identification in a
given context, we recommend conducting sensitivity analyses and reporting the range of
plausible results across methods
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Thank you for your attention!

Questions? Comments?

esther.ulitzsch@cemo.uio.no

mailto:esther.ulitzsch@cemo.uio.no

